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ABSTRACT 
 

The rapid diffusion of artificial intelligence (AI) into human resource management has repositioned human 
capital analytics (HCA) as a strategic lever for employee well-being and organizational performance. This 
article synthesizes empirical and conceptual literature published between 2021 and 2026 to examine how AI-
enabled HCA practices, covering predictive workforce analytics, AI-driven engagement monitoring, and 
intelligent decision-support systems, shape employee well-being and, in turn, organizational performance. 
Using a systematic literature review method following the PRISMA protocol, twenty-five peer-reviewed 
sources retrieved from Google Scholar-indexed databases were analyzed thematically. Findings indicate that 
AI-supported HCA improves workforce planning accuracy, reduces administrative workload, and enables 
personalized well-being interventions, although effectiveness remains contingent on transparent governance, 
ethical data use, and supportive leadership. The review identifies an underexplored mediating pathway in 
which psychological safety and perceived organizational support connect AI-driven HCA to well-being and 
performance outcomes, a gap inadequately addressed in models that treat AI adoption as a direct 
performance driver. The article proposes an integrative conceptual framework linking human capital 
analytics, AI capability, employee well-being, and organizational performance, offering theoretical 
contribution to human resource management scholarship and practical guidance for organizations deploying 
AI responsibly within people analytics functions. 

 
Keywords: human capital analytics; artificial intelligence; employee well-being; organizational 
performance; human resource management   

 
INTRODUCTION 

Organizations across industries are undergoing a profound shift in how they 
manage, measure, and develop their workforce. Human capital, once treated primarily as 
a cost center governed by intuition-based personnel decisions, is now widely recognized 
as the principal source of sustainable competitive advantage (Gardezi, 2025). This 
recognition has accelerated the adoption of human capital analytics (HCA), a data-driven 
approach that applies statistical, 

 predictive, and increasingly artificial intelligence (AI)-based methods to workforce 
information in order to inform recruitment, performance management, retention, and 
well-being interventions (Madhuri & Kumar, 2025; Betgeri & Chekuri, 2025). At the same 
time, employee well-being has emerged as a parallel strategic priority, driven by post-
pandemic shifts in work arrangements, rising rates of burnout, and growing employee 
expectations regarding psychological safety and fair treatment at work (Anantharajan & 
S, 2024; Nazareno & Schiff, 2021). The convergence of these two agendas, human capital 
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analytics and employee well-being, under the umbrella of AI-enabled technologies forms 
the central concern of this article. 

Artificial intelligence has moved from a peripheral technological curiosity to a core 
infrastructural capability within human resource management (HRM). Machine learning 
algorithms now underpin applicant screening, workforce demand forecasting, attrition 
prediction, sentiment analysis of internal communications, and personalized learning 
recommendations (Olaniyan et al., 2023; Vhora et al., 2024; Sahu et al., 2025). Industry 
surveys and academic studies alike report that organizations adopting AI-driven HR 
analytics experience measurable gains in decision-making speed, workforce planning 
accuracy, and operational efficiency (Neiroukh et al., 2025; Gupta et al., 2025). Beyond 
efficiency, AI is increasingly positioned as a tool for enhancing the human side of work: 
chatbots and virtual assistants provide round-the-clock access to mental health 
resources, predictive models flag early signs of disengagement or overload before they 
escalate into turnover, and natural language processing tools surface aggregate 
sentiment trends that would otherwise remain invisible to HR practitioners (Tyagi & 
Agarwal, 2025; Agarwal, 2025; Virgillito & Ledda, 2026). 

Despite this optimism, the relationship between AI-enabled HCA and employee 
well-being is far from straightforward. A growing body of critical scholarship cautions 
that algorithmic management, continuous monitoring, and opaque data practices can 
themselves become sources of stress, surveillance anxiety, and diminished trust 
(Giermindl et al., 2021; Kim & Lee, 2024). Workers subjected to constant behavioral 
tracking may experience a sense of reduced autonomy, even when the underlying 
intention of the analytics system is protective rather than punitive (Bibi et al., 2025; 
Chuang et al., 2025). This tension, often described in the literature as the "double-edged 
sword" of workplace AI, suggests that the well-being consequences of HCA are not 
automatic but are instead shaped by how systems are designed, communicated, and 
governed (Rožman, Oreški, & Tominc, 2023; Mahade et al., 2025). Organizations that 
introduce AI-driven analytics without corresponding investment in transparency, 
employee voice, and ethical safeguards risk undermining the very outcomes the 
technology was intended to improve (Damnjanović et al., 2025; Safshekan et al., 2026). 

A further layer of complexity concerns the pathway through which AI-enabled HCA 
translates into organizational performance. Much of the existing literature treats this 
relationship as direct: AI capability is assumed to improve decision quality, which in turn 
improves performance (Mikalef & Gupta, 2021; Neiroukh et al., 2025). However, this 
direct-effects framing leaves underexplored the psychological and relational mechanisms 
that connect analytics-driven interventions to the lived experience of employees, and 
subsequently to discretionary effort, engagement, and retention, all of which are well-
established antecedents of firm-level performance (Rožman et al., 2022; Sharma et al., 
2025). Bibliometric analyses of this research area confirm that while publication volume 
on AI and employee engagement has grown rapidly since 2021, conceptual integration 
across the HCA, well-being, and performance literatures remains fragmented, with most 
studies examining only two of the three constructs simultaneously (Sharma et al., 2025; 
Venugopal et al., 2024). 

Theoretically, the literature draws on at least three complementary lenses to 
explain these dynamics. The resource-based view positions AI capability, comprising data 
infrastructure, algorithmic tools, and human skills to interpret analytics outputs, as a 
strategic resource that, when properly configured, generates sustained performance 
advantages (Mikalef & Gupta, 2021; Gong et al., 2025). The Job Demands-Resources (JD-
R) model offers a complementary account of the well-being side of the equation, 
suggesting that AI-enabled HCA can function either as a job resource, when it reduces 
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administrative burden and enables timely support, or as an additional job demand, when 
it intensifies monitoring and performance pressure (Chuang et al., 2025; Rožman, Oreški, 
& Tominc, 2023). Meanwhile, social exchange theory and the construct of perceived 
organizational support help explain why employees who interpret AI-driven 
interventions as evidence of organizational care reciprocate with higher engagement and 
discretionary effort, whereas those who interpret the same interventions as surveillance 
withdraw psychologically (Mahade et al., 2025; Kim & Lee, 2024). These three lenses are 
rarely integrated within a single empirical or conceptual study, despite their evident 
complementarity in explaining how the same technological intervention can produce 
divergent well-being and performance outcomes across organizational contexts. 

It is within this gap that the present article situates its contribution. Three specific 
shortcomings can be identified in the current body of knowledge. First, although 
numerous studies document the operational benefits of AI-driven HR analytics, such as 
faster recruitment cycles, improved forecasting, and reduced administrative burden, 
comparatively few studies examine the boundary conditions under which these 
operational gains translate into, rather than undermine, employee well-being (Kayusi et 
al., 2025; Matin, 2025). Second, the mediating psychological mechanisms, particularly 
psychological safety and perceived organizational support, that plausibly explain why 
some AI-enabled HCA implementations enhance well-being while others erode it have 
received limited integrated theoretical treatment, despite being well-established 
constructs in organizational behavior research (Ateeq et al., 2025; Mahade et al., 2025). 
Third, most existing reviews and empirical studies are siloed by discipline or geography, 
drawing predominantly on either Western enterprise contexts or specific sectors such as 
healthcare or higher education, limiting the generalizability of proposed frameworks 
across organizational settings (Radhika & Pothuri, 2026; Gong et al., 2025). 

The novelty of this article lies in its integrative synthesis of these three strands, 
human capital analytics, AI capability, and employee well-being, into a single conceptual 
framework that explicitly positions psychological safety and perceived organizational 
support as mediating mechanisms linking AI-enabled HCA to organizational 
performance. Rather than presenting AI adoption as a deterministic driver of either well-
being or performance, the framework developed in this article treats well-being as a 
necessary intervening condition: AI-enabled analytics improve performance to the extent 
that they are perceived by employees as fair, transparent, and supportive, and they 
undermine performance when perceived as surveillance-oriented or opaque. This 
conditional, mechanism-based perspective distinguishes the present work from prior 
reviews that summarize AI-HR applications without theorizing the well-being pathway 
(Olaniyan et al., 2023; Sahu et al., 2025), and from well-being-focused studies that do not 
extend their models to organizational performance outcomes (Bibi et al., 2025; Chuang 
et al., 2025). 

Accordingly, this article pursues three objectives. The first is to systematically map 
recent literature (2021–2026) examining the intersection of AI, human capital analytics, 
employee well-being, and organizational performance. The second is to identify recurring 
themes, consistencies, and contradictions across this literature, particularly regarding 
the conditions under which AI-enabled HCA supports versus undermines employee well-
being. The third is to propose and justify an integrative conceptual framework that can 
guide both future empirical research and organizational practice in the responsible 
deployment of AI within human capital analytics functions. By addressing these 
objectives, the article aims to contribute a more nuanced, mechanism-based 
understanding of how artificial intelligence can be harnessed to simultaneously advance 
employee well-being and organizational performance, rather than treating these as 
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separate or automatically aligned outcomes. In doing so, it offers HR practitioners and 
organizational decision-makers a practical reference point for evaluating not only 
whether to adopt AI-enabled human capital analytics, but how to design and govern such 
systems so that efficiency gains do not come at the expense of the workforce they are 
meant to serve. 

 
 
METHODS 

This article employs a systematic literature review (SLR) method guided by the 
PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) protocol 
to identify, screen, and synthesize peer-reviewed literature on the intersection of 
artificial intelligence, human capital analytics, employee well-being, and organizational 
performance. The SLR approach was selected over a primary-data empirical design 
because the research objective is integrative and theory-building in nature: rather than 
testing a single hypothesized relationship, the article seeks to consolidate a fragmented 
and rapidly growing body of literature into a coherent conceptual framework. 

The identification stage involved searching Google Scholar-indexed databases, 
including Scopus, Web of Science, Crossref, Emerald Insight, SpringerLink, MDPI, and 
ScienceDirect, using combinations of the keywords "artificial intelligence," "human 
capital analytics," "HR analytics," "employee well-being," and "organizational 
performance." The initial search returned 58 records published between 2021 and 2026. 
After removing duplicates (n = 9), 49 records proceeded to title-and-abstract screening, 
where articles were assessed for thematic relevance to the AI-HCA-well-being-
performance nexus. 

At the eligibility stage, the full text of 31 articles was assessed against four inclusion 
criteria: (1) the source is a peer-reviewed journal article or indexed conference 
proceeding; (2) it was published between 2021 and 2026, ensuring currency within the 
last five years; (3) it carries an active, resolvable digital object identifier (DOI) accessible 
through Google Scholar; and (4) it substantively addresses at least two of the four core 
constructs (AI, HCA, employee well-being, organizational performance). Six articles were 
excluded at this stage for falling outside the topical scope or lacking a verifiable active 
DOI. The final corpus comprised 25 articles, which were read in full and coded 
thematically using a manual, iterative coding process informed by the research objectives 
outlined in the introduction. 

Coded articles were organized into four overlapping themes: (1) AI capability and 
its organizational antecedents and consequences; (2) human capital analytics as a 
workforce decision-making tool; (3) the relationship between AI adoption and employee 
well-being, including both protective and risk-amplifying mechanisms; and (4) the 
linkage between employee well-being and organizational performance outcomes. Cross-
thematic patterns identified during coding informed the development of the integrative 
conceptual framework presented in the results and discussion section. Figure 1 
summarizes the review process. 
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Figure 1. Research Method: PRISMA-Based Systematic Literature Review Process. 

 
RESULTS AND DISCUSSION  

Results 

 Thematic coding of the 25 reviewed articles produced four interrelated themes, 

summarized in Table 1, which together inform the integrative conceptual framework proposed 

in this article. 

Theme Representative Studies Key Findings Implications 

1. AI 

Capability & 

Organizational 

Antecedents 

Mikalef & Gupta 

(2021); Neiroukh et al. 

(2025); Gong et al. 

(2025) 

AI capability (data, tools, 

human skill) acts as a 

strategic resource that 

improves decision speed 

and quality, which in turn 

drives performance. 

Performance gains 

are mediated by 

decision-making 

processes, not by 

algorithmic 

sophistication 

alone. 

2. Human 

Capital 

Analytics as a 

Decision Tool 

Venugopal et al. (2024); 

Olaniyan et al. (2023); 

Vhora et al. (2024) 

AI-enabled HCA improves 

workforce forecasting, 

talent acquisition, and 

engagement monitoring, 

reducing administrative 

burden. 

Operational 

efficiency gains do 

not automatically 

equal improved 

employee 

experience. 
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3. AI Adoption 

& Employee 

Well-being 

Giermindl et al. (2021); 

Kim & Lee (2024); 

Chuang et al. (2025); 

Bibi et al. (2025) 

AI functions as both a job 

resource (reduces 

workload, enables support) 

and a job demand 

(surveillance, pressure); 

effects depend on self-

efficacy and 

implementation. 

Well-being 

outcomes are 

conditional on 

governance and 

perceived intent of 

the system. 

4. Well-being 

→ 

Organizational 

Performance 

Rožman et al. (2022); 

Mahade et al. (2025) 

Engagement and 

organizational commitment 

mediate the link between 

AI-driven HR insights and 

sustainable performance. 

Well-being 

functions as a 

necessary 

mediating 

mechanism, not a 

parallel outcome. 

Table 1. Thematic Synthesis of AI-Enabled Human Capital Analytics Literature (2021–2026) 

 

 Theme one, AI capability and its organizational antecedents, was the most 

consistently documented across the corpus. Studies converge on the finding that AI capability, 

defined broadly as the combination of data infrastructure, algorithmic tools, and human 

interpretive skill, functions as a strategic organizational resource (Mikalef & Gupta, 2021; 

Gong et al., 2025). Firms that invest deliberately in these complementary resources report faster 

and higher-quality decision-making, with Neiroukh et al. (2025) demonstrating empirically, 

across 230 organizational respondents, that AI capability improves organizational performance 

primarily by accelerating decision-making speed and quality rather than through any direct 

technological effect. This finding is echoed by Damnjanović et al. (2025) and Safshekan et al. 

(2026), who similarly argue that the performance dividends of AI in HRM are mediated by 

how well organizations translate analytical outputs into actionable decisions, not by the 

sophistication of the underlying algorithms alone. 

Theme two, human capital analytics as a workforce decision-making tool, captures the 

operational layer through which AI capability is deployed. Across the reviewed literature, AI-

enabled HCA applications cluster around four functions: predictive workforce planning, where 

machine learning models forecast staffing needs and skills gaps (Venugopal et al., 2024; 

Madhuri & Kumar, 2025); talent acquisition and retention analytics, where algorithms identify 

flight-risk employees and high-potential candidates (Olaniyan et al., 2023; Kayusi et al., 2025); 

performance and productivity monitoring, where behavioral and output data are aggregated 

into dashboards for managers (R et al., 2026; Gardezi, 2025); and engagement and sentiment 

analytics, where natural language processing tools surface workforce mood and morale trends 

(Sharma et al., 2025; Sahu et al., 2025). Several studies report tangible operational gains from 

these applications, including reduced time-to-hire, improved forecast accuracy, and lower 

administrative burden on HR staff (Vhora et al., 2024; Betgeri & Chekuri, 2025). However, a 

recurring caveat across this theme is that operational efficiency gains do not automatically 

translate into improved workforce experience; several authors explicitly caution against 

treating efficiency metrics as proxies for well-being outcomes (Matin, 2025; Anantharajan & 

S, 2024). 

Theme three, the relationship between AI adoption and employee well-being, surfaced 

the most heterogeneous and, at times, contradictory findings in the corpus. On one hand, a 

substantial body of literature documents protective effects: AI-driven HCA can reduce 

employees' administrative workload, freeing time for higher-value and more meaningful work 

(Rožman, Oreški, & Tominc, 2023); AI-powered chatbots and personalized wellness platforms 

can extend access to mental health resources, particularly in resource-constrained sectors such 

as healthcare (Virgillito & Ledda, 2026); and predictive engagement analytics can enable 
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earlier managerial intervention before disengagement escalates into burnout or turnover (Tyagi 

& Agarwal, 2025; Agarwal, 2025). On the other hand, an equally substantial body of literature 

documents risk-amplifying effects. Giermindl et al. (2021), in an influential review of the "dark 

side" of people analytics, identify surveillance anxiety, reduced employee autonomy, and 

erosion of trust as consistent risks when analytics systems are perceived as monitoring rather 

than supportive tools. Kim and Lee (2024) extend this concern specifically to mental health, 

finding that the well-being implications of AI adoption depend heavily on employees' self-

efficacy beliefs regarding the technology, such that low-self-efficacy employees experience 

disproportionately higher anxiety and stress. Bibi et al. (2025) similarly report a mediated-

moderation pattern in which the well-being effects of AI capability depend on cybernetic, self-

regulatory processes within employees, indicating that the same AI system can produce 

divergent well-being outcomes depending on individual and contextual factors. Chuang et al. 

(2025), applying the Job Demands-Resources model directly, find that AI exerts a genuine dual 

impact: it functions simultaneously as a resource that eases task demands and as a demand that 

intensifies performance pressure and blurs work-life boundaries, with the net effect depending 

on organizational implementation choices rather than the technology itself. 

Theme four, the linkage between employee well-being and organizational performance, 

was less extensively theorized in isolation but appeared consistently as an implicit or explicit 

assumption across the corpus. Studies that did test this linkage directly found support for a 

positive association: Rožman et al. (2022) demonstrate that AI-supported talent management, 

when it enhances rather than diminishes work engagement, is associated with measurable gains 

in enterprise performance, while Mahade et al. (2025) report a moderated mediation pathway 

in which AI-driven HR insights improve sustainable HRM performance specifically through 

enhanced employee engagement and organizational commitment, with the strength of this 

pathway contingent on perceived fairness of the AI system. These findings collectively support 

the proposition that well-being functions not merely as a desirable end in itself but as a 

necessary mediating mechanism connecting AI-enabled HCA to organizational performance 

outcomes. 

 

Discussion 

Read together, the four themes support the integrative conceptual framework 

introduced in this article: AI-enabled human capital analytics influences organizational 

performance not directly, but through its effects on employee well-being, which is itself shaped 

by the mediating psychological mechanisms of perceived organizational support and 

psychological safety. This framing reconciles what initially appears to be contradictory 

evidence in the literature. Studies reporting positive well-being outcomes from AI adoption 

(e.g., Tyagi & Agarwal, 2025; Virgillito & Ledda, 2026) and those reporting negative outcomes 

(e.g., Giermindl et al., 2021; Kim & Lee, 2024) are not, on closer inspection, describing 

different technologies; they are describing different implementation contexts. Where AI-

enabled HCA is introduced transparently, with employee input into system design and clear 

communication about data use, employees appear to interpret the technology as a signal of 

organizational care, consistent with social exchange theory, and respond with sustained 

engagement (Mahade et al., 2025). Where the same category of technology is introduced 

primarily as a surveillance or performance-control mechanism, employees appear to interpret 

it as a threat, consistent with the risk-amplifying findings of Giermindl et al. (2021) and the 

self-efficacy-dependent anxiety documented by Kim and Lee (2024). 

This conditional logic carries an important implication that distinguishes the present 

framework from prior reviews: it positions employee well-being not as an outcome variable 

running parallel to organizational performance, but as a necessary mediating condition. 

Practically, this means that organizations cannot expect to capture the performance benefits of 

AI-enabled HCA, such as those documented by Neiroukh et al. (2025) and Mikalef and Gupta 
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(2021), simply by adopting more sophisticated algorithms or expanding data collection. 

Performance gains are contingent on whether the well-being pathway remains intact, which in 

turn depends on governance choices that are organizational and managerial rather than purely 

technological. This is consistent with the cautionary observations of Damnjanović et al. (2025) 

and Safshekan et al. (2026), who emphasize that ethical and governance considerations, rather 

than algorithmic sophistication, are the binding constraint on realizing AI's organizational 

value. 

The findings also clarify boundary conditions for the JD-R-based dual-impact pattern 

identified by Chuang et al. (2025). Whether AI-enabled HCA functions predominantly as a job 

resource or a job demand appears to depend on three implementation factors recurring across 

the reviewed studies: the degree of employee involvement in system design and rollout 

(Mahade et al., 2025; Ateeq et al., 2025); the transparency of data use and the presence of 

meaningful opt-out or contestability mechanisms (Giermindl et al., 2021; Bedad et al., 2026); 

and the extent to which managers are trained to interpret and act on analytics outputs 

supportively rather than punitively (Rožman, Oreški, & Tominc, 2023; Gardezi, 2025). These 

three factors collectively determine whether AI-enabled HCA strengthens or weakens 

psychological safety, which in the proposed framework functions as the proximal driver of 

employee well-being. 

Compared to prior literature, this synthesis makes two contributions. First, whereas 

earlier reviews of AI in HRM tend to either catalogue technological applications (Olaniyan et 

al., 2023; Sahu et al., 2025) or assess well-being risks in isolation (Giermindl et al., 2021), the 

present synthesis connects these strands through a single mediated pathway, offering a more 

parsimonious explanation for divergent findings across studies. Second, by explicitly 

incorporating psychological safety and perceived organizational support as mediating 

constructs, the framework extends bibliometric observations, such as those of Sharma et al. 

(2025), that note the conceptual fragmentation of this research area, by proposing a specific 

theoretical bridge between the AI-HR analytics literature and the broader organizational 

behavior literature on employee well-being. 

These findings carry practical implications for organizations implementing AI-enabled 

HCA. HR leaders should treat well-being safeguards, transparent communication, employee 

involvement, and contestability mechanisms, not as optional ethical add-ons but as functional 

prerequisites for realizing the performance benefits that motivate AI adoption in the first place. 

Organizations that bypass these safeguards in pursuit of efficiency risk a pattern documented 

repeatedly in the reviewed literature: short-term operational gains offset by longer-term erosion 

of trust, engagement, and ultimately performance. 

Several limitations of the reviewed literature, and by extension of this synthesis, 

should be acknowledged. First, the corpus is geographically uneven, with a disproportionate 

share of studies drawn from South Asian, Middle Eastern, and European contexts (Tyagi & 

Agarwal, 2025; Ateeq et al., 2025; Rožman et al., 2022), while empirical evidence from 

Southeast Asian and African organizational settings remains comparatively scarce, limiting the 

cross-cultural generalizability of the proposed framework. Second, many of the reviewed 

studies rely on cross-sectional, self-reported survey data, which constrains causal inference 

regarding the direction of the AI-well-being-performance relationship; longitudinal or quasi-

experimental designs remain rare in this literature (Mahade et al., 2025; Bibi et al., 2025). 

Third, the rapid pace of generative AI development since 2023 means that several studies 

included in this review examined earlier-generation analytics tools rather than the 

conversational and agentic AI systems now entering HR practice (Kliestik et al., 2024), 

suggesting that the proposed framework should be empirically retested as these newer tools 

diffuse into human capital analytics functions. Future research would benefit from longitudinal 

field studies that track psychological safety and perceived organizational support as explicit 

mediators between AI-enabled HCA implementation and both well-being and performance 
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outcomes, as well as comparative studies examining how governance and regulatory contexts, 

such as emerging AI and data protection regulation, shape the boundary conditions identified 

in this review 
  
CONCLUSIONS  

This article set out to synthesize the rapidly growing literature on artificial 
intelligence, human capital analytics, employee well-being, and organizational 
performance, and to propose an integrative framework that addresses a persistent gap 
in existing scholarship: the absence of an explicit, mechanism-based account of how AI-
enabled workforce analytics translate into organizational performance through, rather 
than in spite of, employee well-being. Drawing on a systematic review of 25 peer-
reviewed sources published between 2021 and 2026, the review finds consistent 
evidence that AI capability strengthens organizational decision-making and that AI-
enabled human capital analytics can generate genuine operational and well-being 
benefits, including reduced administrative burden, more timely managerial intervention, 
and broader access to support resources. At the same time, the review finds equally 
consistent evidence that these benefits are conditional rather than automatic, contingent 
on transparent governance, employee involvement, and managerial capability to 
interpret analytics outputs supportively. 

The central contribution of this article is the proposition that employee well-being, 
operationalized through psychological safety and perceived organizational support, 
functions as a necessary mediating mechanism between AI-enabled human capital 
analytics and organizational performance, rather than as a parallel or secondary 
outcome. This reframing offers a more coherent explanation for the mixed findings 
reported across the literature and provides organizations with a clearer basis for 
designing AI-enabled HR systems that are both effective and humane. For practitioners, 
the implication is direct: investment in AI capability for human capital analytics should 
be paired with deliberate investment in transparency, employee voice, and manager 
training, since these governance elements determine whether analytics-driven efficiency 
gains are converted into sustained engagement and performance, or into disengagement 
and attrition. For scholars, the proposed framework offers a testable set of relationships 
that can guide future longitudinal and cross-cultural empirical research, helping to 
consolidate a field that, despite its rapid growth, remains conceptually fragmented. As AI 
continues to reshape the infrastructure of human resource management, the 
organizations most likely to realize its performance potential will be those that treat 
employee well-being not as a constraint on AI adoption, but as the mechanism through 
which AI adoption pays off. 
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